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Chapter 1. What do we talk about when we talk about analytics?
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Chapter 2. The retum on investment in Analytics
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Chapter 3. Leveraging proprietary data for analytical advantage
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Chapter 4. Analytics on web data: The original big data

1. Web data £4]9] 84
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Chapter 5. The analytics of online engagement

1. Online engagement2] = <]

Engagement is an estimate of the depth of visitor interaction against a clearly defined set of
goals. Demonstrated attention is measured via "visitor interaction."(p.73)
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Chapter 6. The path to "next best offers' for retail customers
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Chapter 15. Partners HealthCare System

1. PHS
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